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We pr_esent a user fe_edback study through bandit
learning on extractive QA task

<St Albans><Name> St Albans takes its name from

the first British saint, Alban. The most elaborate

% 200 examples per rOUﬂd, 9 rOundS ; version of his story, Bede’s Ecclesiastical History ... '

Partially correct. .
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@ [nformation-seeking MTurk workers

& pose questions and give feedback | Fine-tune < > Deploy |
* Topics/contexts from Wikipedia [ Contextual Bandit Learning ]

Approach

ANS Start End
» Model classifies if question is answerable, and answer span (if answerable) 4 4 4
- We heuristically map user feedback into two reward values (ry, 1>). DeBERTa-V3
» After each round of deployment, update the model with policy gradient *_ 4
Question Context

Inverse Propensity Score 7( - |4, C)
(debiasing reward) ) - |G, c)

o171 Vlogme(i|q, ¢) + agraVelogmy(9|q, ¢) + yVeH (Pyu(+|q, €))

Entropy penalty

Results Domain Adaptation: NewsQA-trained
model adapts to user distribution

User Feedback Distribution Test Set Performance .
Performance degrades without
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