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) Can LLMs follow user

instructions to answer
complex research

questions grounded in
relevant papers?

We collected 234 interaction
session data with:

& LLMs’ (GPT-4, GPT-3.5-turbo,
LLaMA?2) initial responses to a
complex ? research question

based on __ relevant papers
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@ Expert-issued instructions
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Our data contains diverse types of instructions
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(43%) perform on these datasets?”
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more papers”
o “Do all the quantization
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@ Why does in-context learning work? &
—
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In-context learning works because it allows the
model to learn without parameter updatesi...]

@ Describe in detail how in-context learning
(=T works and why from a technical standpoint
rating ) ) )
In-context learning ... When trained on massive text
corpora, LMs like GPT-3 implicitly learn to infer

Can you provide more evidence for why in-
~ 7 contextlearning works spanning multiple papers?

ratin
J In-context learning ... Multiple works have provided

evidence for the effectiveness of in-context learning and ,E \
have demonstrated its capabilities. One paper ...
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